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Generative Al has dramatically transformed the conditions under which language teaching and learning
take place, enabling teachers to rapidly develop materials and evaluate learner outputs, and helping
learners to produce fluent and well-structured texts with minimal effort. This development raises important
questions about the continuing role of corpus tools and methods, which have traditionally supported the
analysis and learning of language through engagement with authentic data, and have also served as an in-
class learning approach in the form of data-driven learning (DDL). In this paper, I offer a conceptual
framework and design-oriented perspective on how the role of corpus tools needs to be reinterpreted and
redesigned in this new world of generative AL I argue that while AI has democratized the production of
language, there is a growing need to validate these outputs, especially in highly specialized domains and
under-resourced language contexts. At the same time, learners still need to develop the ability to express
ideas, structure arguments, and make appropriate linguistic choices, and teachers still require ways to
ground evaluation and feedback in evidence. Corpus tools should therefore evolve as complementary
systems to Al, supporting evidence-based learning, pattern detection, and the verification of Al-generated
output. As an illustrative example of this direction, the paper describes a recent update to AntConc (version
4.4), which integrates Al-supported exploration with traditional corpus analysis.
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1. Introduction: Users, Goals, and a Changed World

Corpus tools have long played a central role in language teaching and learning by providing
systematic access to authentic language data (Biber et al., 1998). In classroom contexts, they have been
used by teachers to inform learning objectives, design materials, and ground feedback in evidence,
and by learners as part of data-driven learning (DDL) approaches that encourage noticing, comparison,
and independent discovery (Johns, 1991; Boulton & Cobb, 2017; Gilquin & Granger, 2022). Over time,
these approaches have been further supported by the development of accessible tools designed
specifically for classroom use (Anthony, 2022). In recent years, however, the rapid development of
generative Al has begun to reshape the environment in which corpus tools operate. Learners can now
generate fluent texts, summarize sources, and reformulate ideas with minimal effort, while teachers
can use Al to rapidly develop materials, generate examples, and support evaluation (Kasneci et al.,
2023; Law, 2024).

At first glance, these developments may appear to reduce the need for corpus-based approaches. If
Al can instantly produce examples, explanations, and extended pieces of writing, then activities such
as examining concordance lines or comparing authentic usage may seem unnecessarily slow or
demanding. In this sense, generative AI is able to perform many of the functions traditionally
associated with corpus tools and methods, including providing examples of usage, highlighting
phraseological patterns, and supporting language production. However, this shift raises important
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concerns. Al-generated outputs, while often highly plausible, are not inherently grounded in verifiable
evidence and may not accurately reflect the conventions of specific discourse communities,
particularly in specialized or under-resourced contexts. At the same time, the ability of Al to produce
high-quality texts can allow learners to bypass the processes of analysis, comparison, and decision-
making that are central to language development.

In this paper, I present a conceptual framework for understanding the role that corpus tools can
play in this new Al-rich environment, together with a design-oriented perspective on how they might
be developed. I argue that corpus tools should be understood not as alternatives to generative Al, but
as complementary systems that address two critical needs. First, they provide a means of verifying Al-
generated language against authentic usage, allowing both teachers and learners to ground their
decisions in evidence. Second, they support learner development by maintaining engagement with the
processes through which linguistic competence is acquired. Building on this perspective, the paper
considers how corpus tools might be reinterpreted and redesigned to meet these needs and presents
recent developments in AntConc (Version 4.4; Anthony, 2026) as an illustrative example of this
emerging direction.

2. Generative Al, Teachers, and Learners

Any reconsideration of corpus tools and methods must begin with the users they are intended to
serve. In educational contexts, these users are primarily teachers and learners, whose needs, lacks,
and wants shape not only the tools they adopt, but also the design of courses, materials, and evaluation
practices. In recent years, generative Al has begun to meet many of the needs that corpus tools were
previously used to address. For example, learners can use Al to generate examples of language use,
paraphrase expressions, summarize texts, and explore alternative ways of structuring their writing.
Similarly, teachers can use Al to develop teaching materials, generate model answers, and produce
explanations of language features. In these ways, Al provides immediate and flexible access to
functions that once required more time, effort, or technical knowledge through corpus consultation.

Importantly, generative Al can also be used in dialogic ways to support language development.
Through iterative prompting, learners can engage in scaffolded interactions in which the system
provides explanations, reformulations, and feedback. Teachers can design activities that use AI for
guided noticing, Socratic questioning, or formative feedback. Recent work in Al and education suggests
that large language models can support learners in interactive and reflective ways, not only as
generators of text (Law, 2024; Mannekote et al., 2024). Al can therefore, in principle, support many of
the same learning processes that corpus methods have traditionally emphasized.

At the same time, generative Al tools do more than assist; they can also complete substantial parts
of the task itself. In many language teaching contexts, learners are asked to produce essays, reports,
presentations, or other extended texts in order to develop control over structure, argumentation, and
rhetorical choice. Al can support planning, phrasing, and revision, but it can also generate these
outputs directly, often at a level that exceeds the learner’s current competence. This shift brings clear
advantages: it can democratize access to high-quality language support, reduce barriers to
participation, and allow learners to focus on higher-level concerns such as ideas and organization,
while enabling teachers to prepare materials and feedback more efficiently.

However, these developments also introduce two important problems. The first concerns the
reliability of Al-generated output. While such output is often fluent and persuasive, it is not inherently
grounded in verifiable evidence. Al systems may produce hallucinated content, reflect biases in
training data, or generate language that appears appropriate but does not accurately reflect the
conventions of a target discourse community. These issues can be particularly pronounced in
specialized domains or in under-resourced language contexts, where training data may be limited or
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unbalanced. The second problem concerns learner engagement and development. As Al becomes
more capable of producing complete texts, there is a growing risk that learners will bypass the
processes that tasks are intended to develop.

A simple analogy helps to clarify this issue. Figure 1 shows an imaginary art class in which a teacher
introduces an Al-assisted paintbrush that can support students. Initially, the students use the tool to
question what they might paint, but soon they start to ask it to sketch ideas and choose colors for them.
Before long, the students are asking the tool to replicate the works of experienced artists, aiming to
impress the teacher but at the same time losing any ability to paint on their own. A similar pattern is
starting to be observed in writing classrooms. Learners may submit polished texts that appear
successful, while bypassing the reasoning, noticing, and decision-making that the task was designed
to develop.

Welcome to art 2.0! }— Here is a new ) 2D What should
= G Al brush! | paint?
B o & {" G5 A
al : Yo -~

Can you sketch
the outline?

Create a Van Gough
pamtmg' .
NS 1

Figure 1. Storyboard of an Al-Assisted Paintbrush Dramatically Changing the Nature of
an Art Classroom

This does not mean that Al should be rejected, but it does suggest that users need ways to verify Al-
generated output before taking responsibility for it, and to integrate Al use with complementary
approaches that promote the forms of learning that lie at the core of the language classroom. In the
following section, I argue that corpus tools and methods can play an important role in addressing both
issues by providing access to authentic language data and supporting evidence-based engagement
with language.

3. Corpus Tools for Evidence, Verification, and Learner Development

Generative Al can significantly change how language tasks are completed, but it does not
fundamentally change the responsibilities of teachers and learners in terms of ownership. In
educational contexts, both teachers and learners remain accountable for the language they produce,
select, and evaluate. From this perspective, the continuing value of corpus tools in a world of
generative Al can be understood in terms of two closely related functions: verification and learner
development. These functions are not entirely separate, but together they help explain why corpus
methods remain pedagogically important even when Al can produce fluent and apparently convincing
language.
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3.1. Corpus Tools for AI Verification

Generative Al produces language that is often fluent, coherent, and rhetorically effective. However,
this high quality should not be confused with evidence. In educational contexts, both teachers and
learners increasingly need to verify whether Al-generated language is appropriate for a particular
genre, audience, discourse community, or institutional setting. This need arises in classroom materials,
model texts, assignments, feedback, and revision.

For teachers, the issue is prominent during planning and materials design. Al can generate sample
texts, task prompts, explanations of genre conventions, and suggested classroom activities. These
outputs may be useful, but they are not guaranteed to reflect actual usage in the target domain. A
phrase may sound acceptable but might be rare in authentic texts; an organizational pattern may
appear convincing but not be typical of the genre; a stylistic feature may be overgeneralized. Corpus
tools allow teachers to check whether suggested forms have grounded truth, are frequent enough to
require attention, and are appropriate to the discourse context in question.

For learners, similar issues arise during drafting and revision of their language outputs. A student
may use Al to propose alternative phrasings, improve their sentences, or even generate a part of an
essay. The resulting text can often appear to be highly polished, but it may still contain unusual
collocations, atypical phraseology, or patterns that do not align well with the target genre. Corpus tools
provide a way for a learner to investigate these possibilities directly. By examining concordance lines,
clusters, collocates, and full-text examples, learners can ask not simply whether a form sounds good,
but whether it is actually used in relevant texts and how it functions there.

The pedagogical importance of this process is that it repositions AI output as provisional. Rather
than treating generated language as the definitive answer, teachers and learners can treat it as a
hypothesis to be checked against observable data. This shift is important because it places judgment
back in the hands of the user, shifting the focus from acceptance to evaluation. Corpus tools thus
function as a source of evidence, which complements rather than replaces Al This verification role
becomes even more important in specialized or under-resourced contexts. When teachers and
learners are working with discipline-specific genres or less well-supported languages, Al output is
likely to perform less reliably and hence requires stricter verification. In such cases, a modest but
carefully selected corpus can provide a useful basis for decision-making.

3.2. Corpus Tools for Support of Learner Development

Verification is important, but perhaps a more important role of corpus tools is preserving the kinds
of learning processes that risk being reduced when AI is used uncritically. If learners can generate
acceptable products with minimal engagement, they may have fewer opportunities to analyze
language, compare alternatives, and make reasoned decisions for themselves. Corpus methods push
learners in the opposite direction. Instead of offering a single ready-made answer, they present
multiple examples that need to be interpreted. Learners must notice recurrent patterns, compare
possibilities, and decide which forms are appropriate in a given context. This is one reason why data-
driven learning (DDL) has proven successful, as it encourages noticing, hypothesis formation, and
independent learning (Chambers, 2007; Flowerdew, 2015; Vyatkina, 2016). In a world of generative Al,
these processes may become even more important, as learners are increasingly asked to not only
produce language, but also to evaluate and justify it.

For teachers, this creates an opportunity to redesign classroom tasks. Rather than banning AI or
accepting it uncritically, teachers can ask learners to verify, challenge, and refine Al-generated
suggestions through corpus analysis. A student might begin with an Al-generated paragraph, then use
corpus evidence to test whether the language is typical of the target genre, whether the phrasing is
natural, and whether the rhetorical choices are well aligned with authentic texts. In such a workflow,
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Al does not replace learning; instead, it becomes one resource within a broader evidential process.

This suggests the emergence of a new educational competence: evidence-based language
evaluation. As Al now makes it relatively trivial to produce outputs that appear acceptable at first sight,
learners need to ask whether a form is typical, whether a pattern is supported by authentic examples,
and whether a revision reflects actual usage rather than generated plausibility. Corpus tools provide
a practical means of developing this competence by connecting language judgment directly to
observable data (Mizumoto, 2023).

3.3. Limitations of Corpus Tools and the Role of Al Integration

The case for corpus tools is strong but it should not be overstated. Corpus methods bring their own
limitations. For example, they depend on the availability of suitable corpora, which are not equally
accessible across languages, institutions, and domains. Also, many teachers lack the time or training
required to design corpus-based activities, and learners may find corpus consultation difficult,
particularly when it involves unfamiliar interfaces, complex search syntax, or the interpretation of
large amounts of data. These challenges have long been noted in the literature on corpus use and DDL
(Boulton & Cobb, 2017; Gilquin & Granger, 2022).

In this respect, generative Al can play an important complementary role in the reverse direction.
While corpus tools provide access to evidence, AI can help users interact with that evidence more
effectively. For example, Al can assist in formulating search queries using part-of-speech tags or based
onregular expressions. Similarly, it can help summarize concordance results, highlight key tendencies,
and provide explanations that support interpretation. For teachers, this can reduce the effort required
to prepare corpus-informed materials. For learners, it can lower the barrier to entry, making corpus
exploration more accessible and less cognitively demanding.

More broadly, Al integration offers the possibility of addressing one of the longstanding challenges
in corpus-based pedagogy: the balance between authenticity and usability. Corpus tools provide access
to authentic data, but this data can be difficult to navigate without guidance. AI can provide that
guidance, helping both teachers and learners to move more efficiently from raw data to meaningful
insights. In this way, Al does not replace corpus methods, but rather, it increases their usability and
pedagogical value.

Taken together, these considerations suggest that corpus tools and generative Al should not be
viewed as competing approaches, but as complementary components of a broader ecosystem. Corpus
tools provide the evidence and transparency that Al lacks, while Al can provide the accessibility and
interpretive support that corpus tools have traditionally struggled to offer. Thus, the challenge is not
to choose between them, but to design ways in which they can be used together effectively.

4. AntConc for Verification and Learner Development

The discussion so far has argued that corpus tools retain value in an Al-rich environment through
their roles in verification and learner development. The latest version of AntConc (Version 4.4;
Anthony, 2026) provides a concrete example of how these roles can be operationalized in practice.
Rather than treating corpus tools and generative Al as separate or competing systems, AntConc
integrates them within a single environment, allowing teachers and learners to smoothly switch
between language generation, inspection, and analysis. In this sense, AntConc offers an early
illustration of how corpus tool design might respond to the pedagogical conditions outlined in the
previous sections.
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4.1. ChatAlI as a Tool for Al Literacy and Critical Use

A central feature of the latest version of AntConc is the ChatAlI tool, which allows users to interact
with multiple AI systems, including both cloud-based models from vendors such as OpenAl, Google
Gemini, and Claude, and locally hosted models such as DeepSeek, Gemma, Llama, and Qwen (see
Figure 2).
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Figure 2. ChatAl Interface for Prompt-Based Output Comparison

From a teaching perspective, this provides a practical way to introduce AI literacy into the
classroom. Teachers can demonstrate how different models respond to the same prompt, highlighting
variation in language output quality, style, and reliability. For example, a teacher might ask multiple
models to generate an introduction to a research report and then compare the results, drawing
attention to differences in structure, tone, and disciplinary appropriateness. By adjusting parameters
such as temperature, system prompts, and user prompts, teachers can also show learners how outputs
can be shaped and how easily they can become overly general, stylistically inconsistent, or rhetorically
inappropriate.

The inclusion of local Al models is particularly important in this context. Teachers can use these
models to demonstrate how smaller or less capable systems may produce weaker or less reliable
outputs, thereby reinforcing the need for verification. At the same time, local models allow for privacy-
sensitive use in classroom settings, enabling students to experiment with Al tools without sending data
to external services. This is especially relevant in the Asia Pacific region, where educational conditions
are highly varied. In some contexts, teachers and learners have ready access to commercial Al systems
and stable digital infrastructure. In others, access may be uneven due to cost, privacy concerns,
institutional policies, or limited support for local languages and varieties. The region also includes
many multilingual and under-resourced language contexts, where the mismatch between Al fluency
and local language practice may be particularly pronounced. In such settings, the ability to work with
local Al models alongside domain-specific or locally compiled corpora can provide a more appropriate
and reliable basis for both language learning and verification.

For learners, ChatAl provides a space to explore Al-generated language critically rather than
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passively. Students can generate drafts, alternative phrasings, or explanations, but the tool design
encourages them to question the outputs they receive. For example, a student might ask an Al system
to generate a paragraph for a presentation, then compare outputs across models and identify features
that seem overly generic, stylistically unusual, or inconsistent with the target genre. In this way, ChatAI
becomes not only a tool for generation, but also a tool for developing critical awareness of Al behavior.

4.2. Verifying AI Output Through Corpus Evidence

While ChatAI enables the generation and exploration of Al outputs, the core strength of AntConc
lies in its ability to verify these outputs against authentic language data. A key design feature is the
way ChatAI can be linked with traditional corpus tools, allowing generated text to be examined
systematically using corpus methods (see Figure 3).
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Figure 3. ChatAl and KWIC Workflow for Verifying the AI-Generated Word “Sharpen” in a 1 Million
Word Corpus of General English (AmEQ6)

From a teacher perspective, this supports the validation of teaching materials. For example, a
teacher might use AI to generate example sentences for a lesson on academic writing, but then use
corpus tools to check whether key phrases actually occur in a corpus of research articles. If the Al
suggests expressions that are grammatically acceptable but rarely used, or introduces stylistic patterns
such as excessive use of em dashes or vague evaluative verbs such as “sharpen” or “enhance”, these
can be identified and revised through corpus analysis. Similarly, teachers can verify whether the
structure of an Al-generated text aligns with authentic examples of the target genre.

For learners, the same workflow supports the evaluation of their own work. A student who uses Al
to draft an essay or presentation script can check whether specific expressions are typical, whether
collocations are appropriate, and whether the overall structure matches that of authentic texts. For
example, if an Al-generated report uses an excess of general transitions or repetitive phrasing, the
student can examine corpus data to identify more typical alternatives and revise accordingly.

These verification processes are supported by a range of corpus tools within AntConc. The Key-
Word-In-Context (KWIC) tool allows users to investigate how words and phrases are used in the local
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context. The File View tool provides access to broader discourse context. The Plot tool makes it possible
to observe how patterns are distributed across texts. Cluster, N-Gram, and Collocate tools reveal
recurring phraseology and typical combinations, and Keyword analysis highlights features that are
distinctive of a particular genre or domain. Importantly, these analyses can be grounded either in
curated corpora from the built-in corpus repository, including spoken, written, learner, professional,
and academic texts, or in user-created corpora that reflect local needs and interests (Anthony, 2022).

This integration of Al and corpus tools encourages users to treat Al-generated output as provisional.
Rather than accepting generated text at face value, both teachers and learners are able to test it against
authentic evidence, identifying where it aligns with real usage and where it deviates.

4.3. Al-Assisted Data-Driven Learning

In addition to supporting verification, the latest version of AntConc addresses longstanding
challenges in data-driven learning (DDL). While DDL has been widely recognized as a powerful
approach to language learning, it has also been associated with practical difficulties, including access
to suitable data, the formulation of effective search queries, and the interpretation of results. The latest
version of AntConc introduces several features designed to lower these barriers.

First, as mentioned above, AntConc includes access to curated corpora, allowing both teachers and
learners to work immediately with authentic data without the need to build their own datasets. This
is particularly valuable in classroom settings, where time and technical constraints often limit the use
of corpus methods.

Second, AntConc includes Al-assisted search functions, which allow users to formulate queries
more easily. Rather than relying on prior knowledge of search syntax or regular expressions, users
can describe what they are looking for in natural language and allow the system to generate
appropriate search patterns. This makes it easier for learners to explore language patterns without
being hindered by technical complexity (see Figure 4).
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Figure 4. Al-Assisted Search in the KWIC Tool Using the Prompt
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Third, AntConc allows results from corpus tools to be passed directly into ChatAI for interpretation.
For teachers, this supports classroom preparation by enabling the rapid identification of key patterns,
the summarization of findings, and the generation of explanations grounded in real data. For learners,
it provides a way to make sense of corpus results, helping them articulate patterns and draw
conclusions from evidence.

Crucially, this integration allows for a comparison between general AI outputs and corpus-
grounded insights. For example, a learner might first ask an AI system to explain how a particular
phrase is used and then compare this explanation with patterns observed in corpus data. Differences
between the two can then be discussed and resolved, reinforcing the importance of evidence-based
understanding.

4.4. Integrated AI-Corpus Workflows

Taken together, the new features of AntConc suggest a potential future direction for corpus tool
design in general. Rather than functioning as standalone systems, corpus tools may evolve to support
integrated workflows in which generative AI and corpus methods are used in combination. On the one
hand, they can encourage the verification of Al-generated language through access to authentic data.
On the other hand, they can support learner development by facilitating the processes of analysis,
comparison, and decision-making.

However, it is important to note that some caution is needed. The value of these features is
currently easier to argue in design terms than to demonstrate empirically. This paper does not report
classroom trials or user studies of AntConc 4.4, although an investigation of how well its design
encourages a critical approach to Al use is currently underway. Outcomes of particular interest include
whether the tool encourages more evidence-based revision practices, and whether learners develop
stronger critical awareness of Al-generated language.

5. Conclusion

The rapid development of generative Al has transformed how language tasks are approached in
educational contexts, making it possible to produce fluent and well-structured texts with minimal
effort. However, as this paper has argued, these changes do not alter the underlying goals of language
teaching and learning. Learners are still expected to develop the ability to express ideas, structure
arguments, and make appropriate linguistic choices, and teachers remain responsible for designing
learning environments that support this development. What has changed is the relationship between
these goals and the processes through which they are achieved.

In this context, the role of corpus tools can be understood in terms of two complementary functions:
verification and learner development. As generative Al produces increasingly plausible outputs, both
teachers and learners must take greater responsibility for evaluating the language they use. Corpus
tools provide a means of grounding this evaluation in authentic data, allowing users to move beyond
surface plausibility and verify whether linguistic choices reflect actual usage. At the same time, corpus
methods support the processes of noticing, comparison, and evidence-based decision-making that
remain central to language learning, helping to ensure that the availability of Al-generated output does
not displace the development of underlying competence.

The case for corpus tools should also be kept in proportion. Corpus tools depend on the availability
of suitable data, require a degree of corpus literacy, and do not by themselves resolve the broader
challenges that generative Al creates for education. Even so, they offer something that Al alone does
not, i.e., a clear route back to transparent language evidence. This function becomes particularly
important in specialized domains and in contexts where Al output may be less reliable or less well



10 Laurence Anthony

aligned with actual language use.

The integration of generative Al and corpus methods represents a promising direction for the
future design of language tools. As illustrated through recent developments in AntConc, it is possible
to bring together Al-supported generation and corpus-based verification within a single environment,
supporting workflows that link production with evidence-based analysis. While AntConc provides an
early example of this approach, such integration remains relatively uncommon across corpus tools
more generally. This suggests an opportunity to align future tool development more closely with
pedagogical goals.

More broadly, this discussion points to the importance of developing a new form of competence in
a world of generative Al: the ability to evaluate and justify language use through evidence. In contexts
where fluent output is readily available, the ability to question, verify, and refine that output becomes
increasingly central. Corpus tools, and the methods they embody, provide a practical foundation for
developing this competence, keeping teachers and learners close to the evidence needed to verify,
interpret, and learn from language in use.

Al Use Disclosure
Al tools were used in the creation of Figure 1. Al tools were also used to check the final manuscript
for typographical and formatting issues.
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